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Abstract
Classification of land cover is one of the most important applications of radar polarimetry images. The
purpose of image classification is to classify image pixels into different classes based on vector properties
of the extractor. Radar imaging systems provide useful information about ground cover by using a wide
range of electromagnetic waves to image the Earth's surface. The purpose of this study is to present an
optimal method for classifying polarimetric radar images. The proposed method is a combination of
support vector machine and binary gravitational search optimization algorithm. In this regard, first a
set of polarimetric features including original data values, target parsing features, and SAR separators
are extracted from the images. Then, in order to select the appropriate features and determine the
U’ optimal parameters for the support vector machine classifier, the binary gravitational search algorithm
"Jj is used. In order to achieve a classification system with high classification accuracy, the optimal values of
the model parameters and a subset of the optimal properties are selected simultaneously. The results of
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the implementation of the proposed algorithm are compared with two states, taking into account all the
selected features, and the genetic algorithm, the results of zoning for the three regions are examined.
The separation of areas for the San Francisco and Manila regions, and the detection of oil slicks in the
ocean surface of the Philippines, have been evaluated. The comparison with the genetic algorithm was
approximately between 6% to 12% and the comparison with the presence of all features was between
13% and 20%. For the San Francisco area, the number of extraction properties was 101, which was
selected using the proposed 47 optimal properties algorithm. For the city of Manila, after applying the
algorithm, 31 optimal features have been selected from 65 features. For the oil slick of the city of the
Philippines, we have reached the stated accuracy by selecting 33 features from 69 features, for the first
two regions the number of initial population is 50 and the repetition period is 30, and for the third
region with 30 initial population and the repetition period is 10.

Keywords: Feature Selection, Image classification, support vector machine, optimization, binary
gravitational search algorithm, polarimetric radar
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(Figure-6): Sampling of training and test data
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(Table-2): Overall accuracy obtained for different values
of the penalty parameter
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(Figure-7): Creating a set of answers by the algorithm
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(Table-4): Comparison of the proposed algorithm with the

genetic algorithm as well as without using any algorithm for
the San Francisco area
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(Table-5): Overall accuracy obtained for different values
of the penalty parameter
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(Figure-8): Accuracy diagram of the proposed algorithm by
simultaneously setting the parameter and selecting the
desired properties
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(Table-3): Accuracy obtained by Envi software for three
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(Figure-9): Classified output of the proposed algorithm
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(Table-8): Comparison of the proposed algorithm with the
genetic algorithm and also without using any algorithm for

the city of Manila
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(Table-6): Classification from Envi software is classified
into three classes in terms of pixels.
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(Table-7): Accuracy of classification obtained by Envi
software for three classes in percentage.
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(Figure-11): Output from the combination of BGSA
algorithm and SVM classifier from Manila
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(Table-9): Optimal extraction and selected features for image classification
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