[ Downloaded from jsdp.rcisp.ac.ir on 2026-07-05 ]

[ DOI: 10.61186/jsdp.20.2.69 ]

d“ ).I Oél-“ IL! - .)S! I I ) &
Sdxzdun Jlisbiglgils suac (sl &S

S s pLQJ‘g%M 1ylw

oS>

a5l 1 ol lgsd jloms (P b Sy (gommiumr 9 Canl (gumsdns B JUS s i jg0a Wgingg o o181 L) o5 T
S L 9 @y (9 Alio (] )0 el b Jlo j0 (sl (srgiung )0 grhuws (5l839 j395 ansld Ly cwlin (fig) S
bLi i ygum g ginug jl a8 )5 wolai ol zl sl b LT s 50 amlul PeEld g 9 0181 ComBgo o Ll
L3 #,5 L gilwlos pi 6Nl dagiag 5l aid )5 wolai solinl sl jabiond § Cansi dlo po 50 .Cawloals &1yl ( Lol
Haar (HC) us—uses, ool Cawday 2obai colad (g9 (umw 105 jF o0 518 Abgy SO )0 pglal colod g wl wales Jloe! i
Wigis Bio 9 glal I ainnj g (Bl g g Elyiunl oy J5 y9bad 4 by pe (OB L guds bl U ouds Jlee! Cascade
4o pg—ail JUB olasi g gLl pye cghig yo OB Alis slaad Jolds (ams; e (o ile CIB 53 ghuug y» sladiges Lol 5o
yokioams BDCNNS g HC uso0y e 5 adlin (659795 I g (o3 lwbidd 39l 30 25w U 0985 o0 Jluw sl SDCNINS asiis
9 Tax—o Cmin & 3 (5Ld yiol )b 31 (solslion oo B3O ow)y p jeliidy Cruarod ol azll ausiid o)l g Ce w381
09 o0 o3l LA i 9 Cado (St I (LB Lo

a8 S o bwbed 9 Luisl owbuis b (Haar Cascade (HC) (guisody (3DCNN) (gurs dus cmars (sboaSasis 1 guudS (5515

Detection of handgun using 3D
convolutional neural network model
(3DCNNSs)
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Abstract:

Since the behavior of people in the videos is in the form of three-dimensional signals and it is very
difficult to search for a specific action, therefore, there is a need for a suitable technique for the
automatic detection of armed robbers in security videos being recorded. In this article, a fast and
efficient method is presented to identify the position of people and then recognize the weapon in their
hand, by extracting the frames of images taken from the videos and without removing the main points.
The database used in this article is called GM Gun Movies and is a standard database derived from
videos with 665 images and 640 x 480 size. IMFDB database has also been used to teach the types of
weapons in this article. In this article, we have presented an efficient method to prevent and detect
armed robbers in images taken from videos. In order to extract the frames of the images and detect the
weapon from the video, the separation algorithm with a specific frame rate has been applied to all the
samples. Then, the video samples are divided into three categories: training, validation and testing, and
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using HC classification, the frames of the whole body images are extracted and the rest of the
backgrounds are removed from the images. The reason for choosing this method is that the HC classifier
is resistant to rotation of images and also this algorithm has shown a good performance for complex
calculations.

Therefore, in our proposed model, we will use this algorithm as a whole body detection. This is done by
detecting the ROI region and by cropping the selected regions followed by background subtraction to
remove unwanted background. All key points are saved in a folder after selection and extraction.
Finally, all images are sent to 3DCNN networks to identify weapons in the images. The reason for
choosing 3BDCNN networks is that this method leads to more efficient and better results by considering
temporal information in dynamic images. As seen in the test results, the highest gun detection rate is
related to the 3DCNNs model with a detection rate of 10.96%, followed by the best detection rate of the
YOLO V3 model with a detection rate of 60.95%.

Keywords: 3D Neural Networks (3DCNNs), Haar-Cascade (HC) Classification, Object Recognition, Full
Body Recognition.
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(Table - 1): Parameters Used in 3DCNN

Method Layers

Optimizer LR

Batch size

3DCNN 35

Adam

0.001 64

Glise (gLrouiaS gaised y 9 HC 3l ool b dsbuw! auseid ol :( Y - Jguz )

(Table -2): Results of gun detection using HC and different Classifiers

Algorithm Time (S) Accuracy (%) TRP FPR PRV FDR
3DCNNs ~ 40 sec 96.1 93 6 99
YOLO V3 ~ 30 sec 95.6 91 4 99
RCNN ~ 48 sec 94.8 90 7 99 1
CNN ~ 59 sec 93.5 89 7 98 2
Linear SVM ~ 66 sec 90 88 8 94 6
KNN ~ 71 sec 86.2 89 17 87 13
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(Table - 3): Gun Detection Results without

Using HC
- Accuracy

Training (%)
3DCNN (RGB images) 87.70

3DCNN (Background
Subtraction in RGB 93.10

images)

YOLO V3 91.70
RCNN 89.30
CNN 87.50

PCA S gl il 3l ooliswlly asbl janseisd guls (F- Jgoo
(RCNN, CNN, SVM, KNN) glrousas gussedy g

(Table - 4): Gun Detection Results Using PCA Feature
Extraction and Classifiers (CNN, SVM, KNN, RCNN)

Training Accuracy (%)
PCA + RCNN 90.80
PCA + CNN 89.01
PCA+SVM 88.25
PCA+KNN 84.64
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(Fig-5): 2D convolutional neural network filter display (left), 3D convolutional neural network of color
images (middle) and 3D neural network for video (right)
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