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ORL Dataset - Classification error rate (in %) + standard
deviation (p-value)

Trai | KPC PPC | SPPC | Proj- | Proj- Proj-
ning A AM | AMM | KPC | PPC | SPPC
face M A AM | AMM
s(#) M

3 18.39 | 18.01 | 16.83 | 15.50 | 16.63 | 10.37
+3.27 | £3.40 | +2.88 | +2.54 | +3.47 | £2.37

5 9.08+ | 8.85+ | 837+ | 7.77+ | 9.71+ | 4.25+
2.64 2.27 2.69 2.01 2.40 1.92

7 S5.61+ | 531+ | 558+ | 4.22+ | 4.86+ | 2.14+
1.61 2.42 3.85 1.69 2.10 1.38

$9y y s Gy (aidiiws glas buwgio (Y - Jgu)
Yo 6lp el o9y 4 ead Sig zlswl ORL 0310 oL
islas 2 5t

ORL Dataset — Gabor Feature Extraction- Classification
error rate (in %) + standard deviation (p-value)

Trai | KPC PPC | SPPC | Proj- | Proj- Proj-
ning A AM | AMM | KPC | PPC | SPPC

face M A AM | AMM
s(#) M
3 21.61 | 17.99 | 17.99 | 18.07 | 14.90 | 7.23+

+2.56 | £3.91 | #3911 | £3.11 | +3.16 | 1.98

5 11.00 | 991+ | 991+ | 9.32+ | 8.07+ | 1.96+
+2.23 | 221 2.21 1.99 1.76 0.84

7 7.22+ | 595+ | 595+ | 6.31+ | 5.92+ | 1.06+

1.54 1.76 1.76 1.77 1.70 0.90
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Yale Dataset - Classification error rate (in %) + standard deviation (p-value)

Training KPCA PPCAMM SPPCAMM Proj-KPCA Proj-PPCAMM Proj-SPPCAMM
faces(#)

3 25.91+3.85 26.52+3.11 26.52+43.11 25.96+3.46 26.174+2.63 19.50+2.67

5 22.06+4.10 21.62+3.38 21.62+3.38 21.97+4.16 21.70+2.85 16.27+£3.55

7 20.11+3.63 18.62+3.97 18.014+4.27 21.39+4.91 20.84+3.55 15.67+3.55
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Yale Dataset — Gabor Feature Extraction- Classification error rate (in %) + standard deviation (p-value)

Training KPCA PPCAMM SPPCAMM Proj-KPCA Proj-PPCAMM Proj-SPPCAMM
faces(#)

3 16.78+2.89 14.174+3.52 13.63+3.11 14.97+2.49 14.03+£2.98 10.46+2.65

5 13.11£2.80 11.87+3.13 11.85+3.07 12.78+2.69 12.07+1.92 8.11+2.80

7 11.83+3.51 10.97+4.18 10.97+4.18 11.17+4.38 11.56+3.06 7.74£3.41

238 Y b Shigol acgazmo sy g Vale 0010 ol3L (595 12 (g5 158 5 (80 (Camwyd (bl & 55 (2U3) 61y lro (a2 (0 —J9u)

RSy 3
KPCA PPCAMM SPPCAMM Proj-KPCA Proj-PPCAMM Proj-SPPCAMM
Recognition 0.81 0.83 0.84 0.75 0.82 0.85
rate
Precision 0.90 0.93 0.94 0.93 0.94 0.93
Recall 0.88 0.90 0.85 0.92 0.92 0.90
il o 3 dunslio 0590 Sl sbgy Galo3T g G390l Lo (omy 2 1(F — J9u)
KPCA PPCAMM SPPCAMM Proj-KPCA Proj-PPCAMM | Proj-SPPCAMM
SialesT e 0.0960 0.1968 0.4242 3.8218 3.6171 4.8276
Soyeal e 0.8156 43.5106 56.1545 3.0556 46.4498 72.4550
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Yale Dataset - Classification error rate (in %) + standard deviation (p-value)
Training LDA SPPCA SPPCAMM Proj- LDA Proj- SPPCA Proj-SPPCAMM
faces(#)
3 32.32+3.21 23.58+3.91 23.61+3.46 19.38+3.01 18.83+2.78 18.83+2.78
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