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Machine Learning.

Supervised Learning.
Unsupervised Learning.
Support Vector Mechine (Svm).
Bayesian Classifier.

Artificial Neural Network.
Decision Tree.
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Genetic Programming

Multimedia Analysis And Retrieval System (Mars).
Image Clustering.

Maximum-A-Posteriori (Map).
Maximum-Likelihood (MI).

Expectation Maximization (Em).

Discriminant Em (D-Em).

Learning Vector Quantization (Lvq).
Self-Organizing Map Tree-Structured (Ts-Som).
1" Normalized Cut (Ncut).

" Locality Preserving Clustering (Lpc).

12 Optimum-Path Forest (Opf).

1 Cluster-Based Retrieval (Clue).
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