[ Downloaded from jsdp.rcisp.ac.ir on 2026-06-20 ]

[ DOI: 10.52547/jsdp.18.2.135 ]

)J. --.. 1 . o ” 'éw A u o E=m w.'.’) &" “GI)I
Sz sy yuble (59 9 HUS)

)15 a2 9 Sl yo aobld
Ol 325 a5 oRailS « Sgasals psle 5 Lol (bl ; 0uSiisls ¢ SaualS pole 095

oS>

&

Arwgd o 50 (S jud dilobw S 59y ¢ Silxe wilolw paser Gillely cur 50 (Glod S Hobay (g5lwgilxe (§3LS 039 ol
2 @b 3l il 55 Guals (5 39 ansld gladiloli .aiduwd (553U (nl (65 )4 5,b Wiged (Flawlxo gl il 4 ol

P 83 g (215 Wb 3 S9di el glaailoln b rilo ol (Sam 9 Cas o I8 b 5510 5lme ol (59,
iine 35595 31 ooliiunl cLiwsly el 30 oS caunS [y clin yla 0 Ehos Cilideo glgil oy lulid 3blgy B iy YU 1) 295
29 398 (padlid (5l p waz gy SO o ol 5o Wilad )5 1,8 Az gl 3590 Sy LAl H0 YU g iyl Jows HLS,
0315 by pardo @25k 31 1) ez il glaosls lail goleiting (b9 yghiie nl Sl ol ot &)l 5L, p (Sone S
GadliaS BeS)lo Joo y (oo 4Bl Somte oot 9Nl S 3l o0liiw] a9 03,5 (g 5lw Jo STl (SuiS Ty SIS O ygou
S9y @S B3 o &1l 3aii aukidd gly e 6yl Gl slre elul  oubudyi gbaides Julxi b coll 45 .S g0
3,90 dgdi i srdilolu oL 55l gl p &olo g 8 lailwl oolodc gosxo S (ylgicas DARPA 99 odldac goxo (59 2 (gl
G lentions 9y 4T B30 (Ll dunny o gy Lid s g o 550 75k (g ki I ol gulid b g )5 )18 (3l g Giulo]

S (pnsld (¥l CBO L) Wilas wilgi (o0 9 0392 (5 e Sl S1lo 508 sl gy b amslio 5o

ABlbogry GaRadgS (SIS guiads @dld by (Sl (SuiSly SIS G, (e dgh eadd gualS (Bl
RN

An intelligent behavior-based intrusion detection method
for virtual machines

Fatemeh Mirjalili & Jafar Razmara”
Department of Computer Science, Faculty of Mathematics, Statistics, and Computer
Science, University of Tabriz, Tabriz, Iran

Abstract

In recent years, the speed and complexity of computer networks have grown significantly. At the same time,
network-based anomalies and attacks have increased. Nowadays, intrusion detection and prevention is considered
as a main strategy in satisfying the security of computer systems and communication networks, and the detection of
these attacks with high accuracy and the least error is very important, especially in the field of network
management. Today, virtualization technology is widely developing in order to set up multiple virtual systems on a
physical system. Computational clouds are the most hallmark of this technology. Intrusion detection systems play a
key role in protecting cloud resources on virtual machines. An intrusion detection system has the task of monitoring
events within a computer system and the communication networks, and detects unauthorized and abnormal
behaviors to deal with them. The proposed systems for intrusion detection mainly use data mining, machine
learning and statistical analysis of data. Therefore, it is natural that in some cases they lead to the production of
false alarms. Consequently, it is essential to improve the accuracy and high detection capability of these systems.
Regarding the increasing speed and complexity of these machines, it is necessary to increase the ability and
accuracy of intrusion detection systems for identifying different types of attacks at a right time. In this regard, the

* Corresponding author Ll Hloouge 34-1»4,95*

A 2 Yol Vfer Lo gy randllao £ i@ V- /- VY 1Licsl g 5@ VWANAN 1h dy F,5@ \YAVNYNY tallie Jluyf G 6@


http://dx.doi.org/10.52547/jsdp.18.2.135
http://jsdp.rcisp.ac.ir/article-1-984-fa.html

[ Downloaded from jsdp.rcisp.ac.ir on 2026-06-20 ]

[ DOI: 10.52547/jsdp.18.2.135 ]

use of behavior-based approaches has attracted more attention due to their high scalability in the large networks.
The methods for intrusion detection that utilize network traffic graph clustering do not have the accuracy and
appropriateness with the speed of data transfer in the current computer networks. Thus, the solutions can be
improved by choosing an appropriate strategy for clustering. In this paper, a new behavior-based method for
detecting intrusion in computer networks is presented. To this end, the network data was modeled through the flow
of data as a traffic dispersion graph and then clustered using an improved Markov-based algorithm. Then, by
analyzing a set of statistical criteria, the produced clusters, a penetration detection model was constructed. A set of
modified statistical criteria was defined and utilized for analyzing the constructed clusters. The proposed model was
examined and evaluated on the DARPA 99 dataset. In addition, the results of the proposed method were compared
with seven other methods which work based on machine learning techniques. The results show that in the proposed
method, the error detection rate is significantly reduced and the accuracy rate of the method is increased compared
to seven other intrusion detection approaches. The reason for this performance improvement can be attributed to
the good performance of Markov's improved clustering algorithm, which has produced more accurate results on
flow-based data. Also, defining and applying appropriate criteria to determine the threshold limits is effective in
obtaining accurate results. In addition, the results demonstrate that the proposed model has better capabilities than
the methods which are not use graph clustering and can detect attacks with high accuracy.

Keywords: behavior-based intrusion detection, traffic dispersion graph, data flow, graph clustering,
optimized Markov clustering
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(Figure-2): An example for converting the directed neighbor
graph matrix to undirected graph matrix
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(Table-1): The obtained accuracy using three different timing window and three different values

for the first threshold
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(Table-2): The obtained accuracy using timing window (=30 s) and the first threshold (>30)

s | Ry | gy | Celegy | Cadegy | sbwlues
RS | e @3 Tuo o £99
AV NS AR «[+YY ANAY [++0 y.>
-/aY- -2 - /-0 NELL [y Yo >

- 120F +/44 ARE <IN~ ofe Yo >

S9h (anidd by plw g oldien (09, 3l Jeolo gl dulio (Y- Jgu)
(Table-3): Comparing the results of the proposed method and other intrusion detection method
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