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>* Springy Discriminant Analysis (SDA)
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* Feature Reduction
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** Minimum Classification Error (MCE)

%> Evolution Strategy (ES)

*® Nonlinear Principal Component Analysis (NLPCA)
%’ Kernel Springy Discriminant Analysis (KSDA)

*® Kernel Principal Component Analysis (KPCA)
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** Linear Dimensionality Reduction (LDR)
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