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Abstract

The rapid increase in the volume, diversity, and complexity of visual content in the digital world has
made the need for designing and implementing visual content search and retrieval systems highly
evident. Currently, we are facing a massive scale of visual data on the web, for which the conventional
approaches based on manual and human-generated metadata are not sufficient to handle the diversity
and sheer volume. The enormous volume of data generated on the web, without a high-accuracy and
high-speed solution for understanding and retrieving it, will join the digital archives forever and never
be found again. Recently, there have been significant efforts for retrieving these images, particularly in
the fields of Content-Based Image Retrieval (CBIR) and Semantic Image Retrieval (SIR). Content-based
and semantic image retrieval systems have the capability to search and retrieve images based on their
internal content and high-level human-understandable semantics, rather than just the metadata that
may be associated with them.
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This paper provides a comprehensive review of the latest advancements in the field of content-based image
retrieval in recent years. It aims to critically discuss the strengths and weaknesses of each research area in
content-based retrieval, and provide an overall framework of this process and the progress made in areas such
as image preprocessing, feature extraction and embedding, machine learning, benchmark datasets, similarity
matching, and performance evaluation. Finally, the paper presents novel research approaches, challenges, and
suggestions for better advancing research in this field.

The sections of the paper are organized as follows: After the introduction, Section 2 describes the
components of a CBIR system framework, and with a cursory look at classical and traditional methods,
it will delve into the workings of modern approaches and their associated challenges. In Section 3, we
will provide an overview of the concept of "relevance feedback" and explain the need for this method to
enhance the retrieval performance in CBIR systems, followed by an introduction to the prominent
solutions in this domain. Finally, in Section 4, we will present a review of the image datasets commonly
used in the field of content-based image retrieval, along with a discussion of their characteristics.

IGiven the recent advancements in the field of computer vision and image processing, especially in the
area of "image-text relationship" and how to integrate the two to improve retrieval performance, the
focus of a large part of this study has been on the solutions in this area and the performance of the
prominent methods.

The current main research in this field is monopolized by large companies and organizations with access
to vast financial resources, which has slowed down the progress of research and academic work in this
field. These companies, with access to unimaginable data and financial resources, have trained well-
known and sometimes unknown models on a very large scale (billions of images and texts), and after the
training is complete, they have placed the final model in various web services without publishing the
details of the research conducted. The important point is that the scale law applies in this field, and any
entity that has more access to computational and storage resources will be able to train better and more
accurate models, which has made it less possible for small research units and universities to enter this
field and wait for the publication of research by the aforementioned organizations and companies. There
is a dire need to introduce effective solutions in this field that require limited resources and are capable
of achieving high accuracy and competitiveness with the massive models, with a fraction of the budget
required to train them. This has happened in the field of large language models, and after two years,
multiple research groups have been able to achieve the accuracy of the Chat-GPT4 language model from
OpenAl and with the ability to run on home devices, and it is necessary for research in this field to shift
from focusing on achieving accuracy with greater scale to focusing on achieving accuracy with lower
cost, otherwise this field will remain in the monopoly of companies focused on greater profits.

Keywords: Content-Based Image Retrieval, Image Processing, Computer Vision, Machine Learning,
Deep Learning, Semantic Gap.

Lk g 9z sy (Bl alide A )0 s Gl o doddo—)

IVt 50 olS sy e bl | o S b 5 35 IS5 ol

bl 2 il 5 s2gter e ghaw )
b 6Ky peer srgal bl oS
Ry 09 polie plad e Ll
o4 i whe Gl (oegee Gezsmn
ol €S oy |y uSe () ands ola S
Sl @bdl (Lbib g sz aien tpgd maw T
& (gdon aFie S Lawgs 45) L gy
@l 10l olpan ilate gzl b caul 5Sas
oS gl |y adl)) S pgai» Jlo

sl 2 L3k 9 s2stex ipgw ghw T
2Ll b ol en a5 Y s el oloShs
bily, 5 nead LESLe oy5e 0 8 (U
e Jio slp ol Ol G5y slacasyzse
FUSOL o 4y e bk b s GBS

ol YU o sogzg 0y ol Ao

O 5l loduzy Sl o is a0l 1) ol b ol SIS
Srsbai 2Lk g 92 Bl sl 4 g 03,5 noa
ool il cplomas S5 Glacgome o |y ol @ as
Gl Jsb o oaii> claline dasludl ol
Sy D ogs o Cgumme bppile (lp  awnds
9959y @ 3l el poal S 2Lk 5 sz et
@l 5 ganaie Gezmes oy, 5l S8 6l
T pgad po Lol Gl glubior L 1€ ga8 (5,0 sled!
bl 5l &S xSl oer e el
g ool giile y Sledlbl 5l glacgeme (uu gl o0 Cawody
S0 G M 0,5 5 4 ol 0g3 sog5a A Sl pls
@bl 5 pgai S5l Ol YL gl 5 (oline

! Object Classification
2 Object Detection

Y 2l ) o)l VP JLo


http://dx.doi.org/10.61186/jsdp.22.1.113
http://jsdp.rcisp.ac.ir/article-1-1432-en.html

[ Downloaded from jsdp.rcisp.ac.ir on 2025-12-14 |

[ DOI: 10.61186/jsdp.22.1.113]

29La3 Gy Une 9 J9=olgize (L)L SO YY) 3 AISLE )90

S o osthe Solds Sl gliigas (V- Jsox 50
(V=J55) psbad sl €Slae Sl 5 T gmelyion

Cawloads ools ol

5500 i3 9 s97ealgino (i3 (ot (s050he gl :(1-Jgur)
(Table-1): Conceptual difference between Content-Based
Image Retrieval and Semantic Image Retrieval
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(Figure-1): Images with high-level semantic meanings
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(Figure-6): Finding similarities between Image patches and parts of Text [31]
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(Figure-7): Common patterns in connecting images and
captions [4] [19] [30] [61] [63]
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