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Channel Selection for EEG Signals Using Mutual
Information for Motor Imagery Classification

Mehdi Kamandar#, Esmat Rashedi, and Aeen Sanati Javan

Faculty of Electrical and Computer Engineering, Graduate University of advanced
technology, Kerman, Iran

Abstract: Brain-computer interface systems based on classification of the motor imageries (M) using
multi-channel EEG signal play a major role in the control of artificial limbs and machines by people
with disabilities. One of the main problems in classifying these signals to classifiy different Ml tasks is
the large number of channels. The large number of channels causes a lot of cost and hassle during the
measurement process, increasing computational load of the preprocessing, feature extraction, and
classification, difficulty of interpretation of results, and over-fitting of the classifier due to the limited
number and noisy training samples. Since, not all measured channels for classifying a particular M1 task
have useful information, it would be beneficial to select the relevant channels for classifying desired Ml
tasks. Channel selection methods are categorized into wrapper, filtered, hybrid, and embedded. In this
paper, a filtering method is used due to less computational cost and the independence of the classifier.
The criterion is very important in filtering methods. Criteria based on first- and second-order data
moments are less efficient for non-Gaussian classes. The proposed method uses mutual information
between candidate channels and class label as a comprehensive criterion and sequential forward
selection search strategy. One of the problems in using this criterion is the accurate estimation of mutual
information in the high dimensional spaces. The kpn entropy estimator is used to accurately estimate the
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mutual information in high dimensional space with limited number of training samples. The power of 2
Hz non overlapping sub-bands in the 8-30 Hz band and in 250 milliseconds non overlapping intervals in
half to two and a half seconds after the onset of MI are extracted as features for each channel. The
extracted features are reduced to 10 for each channel by combining the unsupervised L1-PCA and
supervised NWFE dimensionality reduction methods. The reported results show the ability of the
proposed method to select effective channels for classifying left and right hand and feet MI tasks. The
overall accuracy of the SVM classifier on test samples for two subjects labeled aa and al from the BCI
111 competition dataset is 94.87% and 96.51%, respectively, while the number of channels is reduced
from 118 to 7 channels.

Keywords: Brain Computer Interface, EEG Signals, Motor Imagery Classification, Channel Selection,

Mutual Information, kpn Entropy Estimation.
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(Figure 2): A segment of channel C3 of subject G and it’s
enhanced by band pass filtering and ICA.
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(Figure 3): Scatter plot of two extracted featues by a) L1-

PCA, b) L1-PCA+NWEFE for training Samples and c) L1-
PCA + NWFE for testing samples of subject E.
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(Table 1): Overall accuracy of LDA, QDA, k-NN, and SVM
for left and right hand movement imagination sing all of the

59 channels.
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(Table 2): Overall Accuracy for 4 subjects from the first data

set by using channels selected by the proposed method and
the features extracted by FB-MAP-CSP [20].
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selected by the prposed method for subject al from the
second data set. (S represents Channels in the above row).
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