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2- Classifiers

3 - Fuzzy Rule Based Classification Systems(FRBCS)
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EcoliOvsl 220 7 (im, cp) (35.00, 65.00) 1.86
Wisconsin 683 9 (malignant, benign) (35.00, 65.00) 1.86
Pima 768 8 (tested-positive, tested-negative) (34.84,66.16) 1.90
IrisO 150 4 (Iris-Setosa, reminder) (33.33,66.67) 2.00
Vehicle2 846 18 (bus, reminder) (28.37,71.63) 2.52
Glass0123vs456 214 9 (non-window glass, reminder) (23.83,76.17) 3.19
VehicleO 846 18 (van, reminder) (23.64,76.17) 3.23
Ecolil 336 7 (im, reminder) (22.92, 77.08) 3.36
New-thyroid2 215 5 (hypo, reminder) (16.89, 83.11) 4.92
New-thyroidl 215 5 (hyper, reminder) (16.28, 83.72) 5.14
Ecoli2 336 7 (pp. reminder) (15.48, 84.52) 5.46
Segment0 2308 19 (brickface, reminder) (14.26, 85.74) 6.01
Glass6 214 9 (headlamps, reminder) (13.55, 86.45) 6.38
Yeast3 1484 8 (ME3, reminder) (10.98, 89.02) 8.11
Ecoli3 336 7 (iMU, reminder) (10.88,89.12) 8.19
Page-blocks0 5472 10 (reminder, text) (10.23, 89.77) 8.77
Vowel0 988 13 (hid, reminder) (9.01, 90.99) 10.10
Glass4 214 9 (containers, reminder) (6.07, 93.94) 15.47
Yeast1458vs7 482 8 (POX, CYT) (4.15,95.85) 23.10
Yeast5 1484 8 (ME1, reminder) (2.96, 97.04) 32.78
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A2 o okl Q}A)“l‘ slroslodcsors (59, » (goloiing
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Wosls 4 gazre ol gy gl @iy (g3 50 oal Cumwday &yl (2 yie
EcoliOvsl 0.9893 0.974 * Iift + 1.082

Wisconsin 0.9814 0.9707 * cos(conf) - 0.0159

Pima 0.7528 0.8022 * (lift *4) + 0.6306 * [ift + 0.4692
[risO 1.0000 conf+ 0.1715

Vehicle2 0.7625 0.7752 * lift + 0.7752 * (lif "2) + 0.8605
Glass0123vs456 0.9174 0.9804 * [ift - 0.9804 * conf+ 0.9804 * lift "2 + 0.5077
Vehicle0 0.8981 7.785 * Iift + 0.9541

Ecolil 0.9264 0.974 * conf* lift + 0.2343
New-thyroid2 0.9839 conf-2 * sup +0.1864
New-thyroid1l 0.9834 0.4571 * cos(recall) + 0.9714 * conf* lift + 0.1034
Ecoli2 0.8766 0.9615 * [ift + 0.9502

Segment0 0.9841 lift +0.9422 * [ift * (conf"2) + 0.8038
Glass6 0.9401 0.8966 * conf- 0.8966 * recall + 0.931 * cos(/ift) + 0.4918
Yeast3 0.9137 lifi - 0.271

Ecoli3 0.8882 0.9714 * Jift + 0.508

Page-blocks0 0.7358 0.542 * exp(/ift) + 0.5302

Vowel0 0.9222 0.8556 * Jift + 0.3535

Glass4 0.6987 abs(conf - Iift) + 0.1818
Yeast1458vs7 0.7841 0.55 * lift + 0.8762

Yeast5 0.8966 0.8864 * (lift ~2) + 0.3001
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Dataset C45 SVM 3-NN FH-GBML  SGERD Fgl};iés GFS-MLB i‘;ﬁiﬁ
EcoliOvs1 0.9832 0.9671 0.5000 0.9762 0.9754 0.9651 0.9600 0.9893
Wisconsin 0.9454 0.9666 0.9658 0.9620 0.9245 0.4080 0.9564 0.9814
Pima 0.7012 0.7194 0.6703 0.6980 0.6438 0.7041 0.7048 0.7528
Iris0 0.9900 1.0000 1.0000 1.0000 1.0000 1.0000 0.9900 1.0000
Vehicle2 0.9561 0.9527 0.9736 0.8204 0.6244 0.9636 0.8612 0.7625
Glass0123vs456 0.9155 0.9043 0.8888 0.8888 0.8401 0.8625 0.8962 0.9174
Vehicle0 0.9296 0.9490 0.9379 0.8348 0.5930 0.8591 0.8669 0.8981
Ecolil 0.8586 0.8192 0.7636 0.8480 0.4945 0.8600 0.8511 0.9264
New-thyroid2 0.9373 0.9829 0.9373 0.9546 0.7257 0.8409 0.8488 0.9839
New-thyroid1 0.9143 0.9829 0.9659 0.9931 0.7428 0.8413 0.9571 0.9834
Ecoli2 0.8641 0.7351 0.8302 0.8550 0.4963 0.9184 0.8813 0.8766
Segment0 0.9826 0.9927 0.5000 0.9709 0.4997 0.9931 0.8029 0.9841
Glass6 0.8132 0.9198 0.9140 0.9032 0.8885 0.8372 0.8864 0.9401
Yeast3 0.8597 0.6299 0.8171 0.8321 0.5523 0.5007 0.8278 0.9137
Ecoli3 0.7280 0.5000 0.6598 0.7674 0.4665 0.7933 0.6976 0.8882
Page-blocks0 0.9221 0.8218 0.9075 0.8116 0.5986 0.7209 0.7011 0.7358
Vowel0 0.9706 0.8950 0.9939 0.8256 0.7710 0.9976 0.9133 0.9222
Glass4 0.9997 0.5592 0.8425 0.6479 0.5666 0.8210 0.7849 0.6987
Yeast1458vs7 0.5000 0.5000 0.5144 0.4985 0.5000 0.6574 0.5000 0.7841
Yeasts 0.6135 0.5000 0.8128 0.6783 0.5000 0.4399 0.5236 0.8966
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Methods

Current method

GFS-MLB

Chi-FRBCS

SGERD

FH-GBML

3NN

SVM

C45

oy (a3l 1 eoliial b baai 50801 55 (il 1 (B-F JSC5)

(o9 @ = 0.05 soliugg 595 (81 POSE BOC Ao Joor :(B-8J902)

i Algorithms z P Finner
7 SGERD 6.066674 0 0.007301
6 GFS-MLB 6.43341 0.000553 0.014548
5 FH-GBML 2.862463 0.003972 0.021743
4 Chi-FRBCS 2.830048 0.004312 0.028885
3 SVM 226732 0.015852 0.035975
2 3-NN 220167 0.020114 0.043013
1 C4.5 2.000014 0.043578 0.05
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(Cyo ) ouslspuliss’ slap-value : (8-F Jgu)

i Algorithms Unadjusted p PFinner
7 SGERD 0 0

6 GFS-MLB 0.000554 0.001939
5 FH-GBML 0.004073 0.009478
4 Chi-FRBCS 0.004509 0.009478
3 SVM 0.016925 0.023614
2 3-NN 0.020137 0.023614
1 C4.5 0.045388 0.045388
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